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Abstract

The YOLO object recognition algorithm is one of the most famous and widely used object recognition algorithms
in the field of machine vision. This algorithm is trained by using a lot of training images and can have a significant
performance in identifying targets. In military applications, medical and dangerous environments, obtaining real
images of targets is time-consuming and challenging. These challenges make researchers look for alternative
solutions to solve the problem of lack of data and increase the accuracy of the algorithm. One of the new ways to
solve this problem is to use artificial data generated by game engines. The purpose of this research is to reveal the
target using deep learning in the condition of lack of training dataset. For this reason, a set of data related to the
target was first generated using the Unreal Engine, and then the generated target was revealed using various
YoloV5 algorithms. Algorithms YoloV51, YoloV5x, YoloV5m, YoloV5s were used in this research, and according
to the accuracy criteria, the results were 85, 84, 82 and 77% respectively. Based on the results, the YoloV51
algorithm obtained the highest level of accuracy, which is suggested to be used when using artificial data.
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